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Abstract - In the realm of disaster response, the swift and precise identification of survivors is paramount for mitigating loss of life and 

ensuring efficient rescue operations. Wireless Sensor Networks (WSNs) have emerged as indispensable tools in this endeavor, offering 

real-time data collection, communication, and analytical capabilities in dynamic and often hazardous environments. This paper explores 

the innovative applications of WSNs as catalysts for enhancing disaster response efficiency and precision in search and rescue missions. 

Drawing from various academic journals and open resources, this study delves into the fundamental components and architecture of 

WSNs tailored for rescue operations. It investigates the design considerations, crucial for optimizing WSN deployment in diverse 

disaster scenarios, including power management strategies, sensor placement optimization, and network connectivity enhancements. 

Moreover, the paper examines the communication protocols and networking techniques employed to ensure seamless data transmission 

and interoperability within WSNs and with existing communication infrastructures.  Central to the efficacy of WSNs in rescue missions 

are the techniques and algorithms utilized for precise identification and rescue operations. One such technique is data fusion, which 

amalgamates information from multiple sensors to provide a comprehensive situational awareness. Machine learning algorithms play a 

pivotal role in analyzing sensor data to detect anomalies, predict survivor locations, and facilitate informed decision-making by rescue 

personnel. Additionally, adaptive routing algorithms optimize data transmission paths, ensuring timely and reliable communication in 

dynamic and resource-constrained environments. 

This paper underscores the transformative impact of WSNs in augmenting disaster response capabilities by enabling swift, precise, and 

coordinated search and rescue operations. By harnessing the power of innovative applications and advanced techniques, WSNs serve 

as indispensable catalysts for enhancing efficiency and precision in the face of adversity. 

 

 

Index Terms - components, architecture of WSN, Data Fusion, Machine Learning Algorithms, Adaptive Routing. 

 

I. INTRODUCTION  

An incident that disrupts society abruptly and causes harm to property and human life is called a disaster. In the field of disaster 

management, efficient information management is crucial to minimize this harm[1].  

By efficiently monitoring and coordinating the reporting of crisis events to the base station, sensor systems may provide a reasonable 

answer to these problems. Our goal is to consider unique sensor system practices to uncover some important specialized challenges 

in that area. By doing so, we want to find an energy-efficient Wireless Sensor Network (WSN) architecture that would significantly 

improve disaster management[2]. 

Both the number of disasters and the number of victims have been rising. The rescue squad faces numerous risks in these places. 

Moreover, the infrastructure supporting the communication networks has typically been destroyed. These factors make it crucial to 

design a framework for sensing environmental data and identifying risks. This framework must be self-contained, simple to set up, 

and flexible enough to accommodate many scenarios[3]. 

 

II. Components and Architecture 
A spatially dispersed appropriated set of autonomous sensor nodes, often known as nodes or motes, is the fundamental component 

of a wireless sensor network. In a sensor network, there could be hundreds of thousands of nodes. The nodes are tiny computing 

devices that have wireless radio, processor, power supply. Batteries are used to power WSN nodes. As a result, the lifespan is 

constrained, and after a given amount of time, the batteries must be manually changed. WSNs often have hundreds or thousands of 

sensor nodes, which enables more accurate detection over wider geographic areas [4]. 

There are typically four main components in a sensor node. 

1. a sensing unit,  

2. a processing unit,  

3. a communication unit, and 

4. power supply.  

The sensing unit may be composed of one or more sensors and Analog-to-Digital Converters (ADCs). Sensors are hardware devices 

that measure some physical data of the monitored system's state such as temperature, humidity, pressure, or speed. The analog signals 

produced by the sensors are digitized by ADCs and sent to the processing unit for further processing. 

 

 

 

 



TIJER || ISSN 2349-9249 || © April 2025, Volume 12, Issue 4 || www.tijer.org 

TIJER2504143 TIJER – INTERNATIONAL RESEARCH JOURNAL  www.tijer.org b22 
 

 

 

 

 

 

 

 

 

 

 

 

 

 

Within the processing unit, there is a microcontroller associated with a small storage unit including on-chip memory and flash memory. 

The processing unit is responsible for performing tasks, processing data, and controlling the functionality of other components of the 

sensor node. A wireless sensor connects with other nodes via the communication unit, where a transceiver encompasses the 

functionality of both transmitter and receiver. The wireless transmission media may be radio frequency, optical (laser), or infrared. At 

present, the main type of power supply for wireless sensor node are batteries, either rechargeable or non-rechargeable. Energy is 

consumed for sensing, data processing, and communication. For small wireless sensor nodes (with limited computing capacity), data 

communication will expend the majority of energy, while sensing and data processing are much less energy-consuming[5]. 

 

III. Design And Deployment Considerations For Wsn’s In Rescue Missions: 

The use of Wireless Sensor Networks (WSNs) in critical situations poses various obstacles and needs to be carefully planned and 

designed. 

Design Considerations include various parameters like: 

 Sensor Selection 

 Communication Protocols 

 Energy Efficiency 

 

Deployment Considerations include various parameters like: 

 Node Placement 

 Localization 

 Fault Tolerance 

 

IV. Sensing and Data Collection in Real Time Rescue Scenarios: 

Wireless Sensor Networks (WSNs) require real-time monitoring for a number of uses, such as industrial automation, healthcare, and 

environmental monitoring. In order to guarantee fast and reliable data capture for decision-making and analysis, effective data collection 

approaches and techniques are essential. This section examines the approaches and strategies used in WSNs for real-time monitoring. 

The different data collection methodologies include: 

 

 Polling-Based Data Collection:Polling-based data collection involves periodically querying sensor nodes to retrieve data. This method 

ensures regular updates from sensor nodes but may lead to increased energy consumption and latency. Scheduling algorithms such as 

TDMA (Time Division Multiple Access) are often utilized to optimize polling intervals and reduce overhead[6] . 

 

 Event-Driven Data Collection: Event-driven data collection triggers data transmission from sensor nodes upon detecting predefined 

events or thresholds. This methodology minimizes unnecessary communication and conserves energy by transmitting data only when 

significant changes occur. Event detection algorithms are employed to accurately identify and classify relevant events [7]. 

 

 Hybrid Data Collection: Hybrid data collection methodologies combine polling-based and event-driven approaches to leverage their 

respective advantages. This hybrid approach allows for efficient utilization of resources by adapting data collection strategies based on 

the application requirements and network conditions. Dynamic reconfiguration algorithms play a vital role in optimizing data collection 

methods in real-time [8]. Real-time monitoring in Wireless Sensor Networks relies on effective data collection methodologies and 

various other data collection techniques to ensure timely and accurate information retrieval.  

 

The data collection techniques are: 

 

 Data Aggregation: 

Data aggregation techniques reduce redundant data transmission by processing and summarizing information at intermediate nodes 

before forwarding it to the sink. Aggregation functions such as averaging, summing, and clustering help in minimizing communication 

overhead and conserving energy. However, careful consideration must be given to data accuracy and integrity during aggregation[9] . 

 

 

 Compressive Sensing: 

Compressive sensing is a signal processing technique that enables the reconstruction of sparse signals from a limited number of sensors. 

In WSNs, compressive sensing techniques reduce the amount of data transmitted by directly capturing and processing compressed 

measurements at the sensor nodes. This approach significantly reduces communication bandwidth requirements while maintaining data 

fidelity[10]. 
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 Predictive Modeling: 

Predictive modeling techniques use historical data and machine learning algorithms to forecast future sensor readings. By analyzing 

past trends and patterns, predictive models can anticipate changes in the monitored environment and trigger proactive actions. 

Predictive modeling enhances real-time monitoring capabilities by providing timely insights and facilitating predictive maintenance 

[11]. 

By leveraging these methodologies and techniques, WSNs can provide actionable insights for various applications, ranging from 

environmental monitoring to industrial automation. 

V. Data Fusion 

A promising method for maximizing the benefits of several data sources is data fusion.Data from disaster zones can be gathered using 

a variety of methods, including sensors, cameras, and unmanned aerial vehicles (UAVs). Apart from using UAVs, there are other ways 

to collect data linked to disasters. For instance, to determine whether the related structure is destroyed, specialised sensors can be 

attached to real objects like homes, bridges, and roadways. Information regarding the location and usage of mobile phones may be 

provided by mobile network operators' base stations . In order to ascertain whether there are people still alive beneath the debris, 

specialized equipment can be transported to the catastrophe site, such as microwave radars. One might estimate the potential number of 

victims of the collapsed dwellings by consulting official registration databases. These systems and gadgets are referred to as data sources 

in this article for the sake of brevity[12]. 

WSN faces many difficulties, particularly with regard to energy consumption and minimum network lifetime. To reduce data fusion 

and clustering energy consumption, Cluster-based In-Network Data Fusion (CBDF) for WSN is employed. Depending on its size, it 

divides the network into several clusters. As a result, synchronised communication between each cluster and the data fusion centre is 

possible. To shorten the intra-cluster communication distance, an optimisation technique is applied. 

 

 

 

 

 

 

At first, node sets are randomly dispersed around the network. The deployed nodes are arranged into clusters, with a CH assigned to 

each cluster. The modified network then has a data fusion center. Every cluster measures the original energy of the node, and the node 

with the highest energy level is chosen as the CH. Information gathering from the members of the cluster is the aim of the CH. Following 

the data collection process, each step size represented by the CHs in each cluster is updated to reflect changes made to the network. The 

cluster head can perform data fusion on the acquired or incoming data, lowering the amount of outgoing data, if the data gathered by 

the cluster members is fusible. This fused data output is sent to the fusion centre for additional processing[13]. 

VI. Machine Learning Algorithms 

For energy efficiency and real-time, precise data transfer, a variety of machine learning techniques have been shown to be advantageous 

when applied inside a wireless sensor network . There are several strategies within machine learning. 

A. Supervised Learning: Here, the input data is predefined and comes with known output data samples. It represents the relation 

learned between the input, system parameters and output. Supervised learning algorithms have been used in solving many problems in 

WSN like Node localization and high dimensionality reduction  using neural networks. 

B. Unsupervised Learning: This kind of learning looks for similarities between the input samples in order to categorise them into 

various groups based on those similarities. Unsupervised machine learning methods have shown to be useful in WSNs for data 

aggregation through dimensionality reduction and data compression. Examples of techniques include principle Component Analysis 

(PCA), which uses a minimum set of principle components to represent relevant information from a given collection of input samples 

in order to reduce the dimensionality of multivariate data with high dimensions[8].Other techniques include k means clustering, which 

is mostly used to solve clustering problems in wireless sensor networks (WSNs). It creates clusters from provided samples. 

C. Reinforcement Learning:Here, the nodes engage in environmental interaction with the aim of learning. The node makes the best 

decisions that can optimise its long-term benefits based on its own experience. Q learning is the most widely utilised reinforcement 

learning technique in WSN routing[14]. 
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VII. Adaptive Routing Algorithm 

Sensors are often deployed in places the battery cannot be replaced, so their lifetime and consequently lifetime of the whole network 

totally depend on battery life. Therefore energy consumption should be mentioned to be one of the most important challenges in these 

networks. 

A key concern in WSN design is presenting a complex framework and an appropriate routing algorithm that can lengthen the network's 

lifespan. 

Energy conservation in WSNs can be achieved in a number of ways, including lowering data transmission and processing (through 

techniques like compression), algorithm overhead reduction, topology control, defining task periods (during which a portion of the 

network's sensors are active), and, finally, routing with optimal energy consumption contributing to an increase in network lifetime by 

using the best routing algorithm for the network application. 

 

Important characteristics of routing algorithm: 

1. Data centric routing algorithm: In this category data is considered to be more significant. Thus queries are posed for specific data 

rather than for data from a particular sensor. SPIN (sensor Protocols for Information via Negotiation) and DD (Directed Diffusion) are 

the examples. 

2. Location-based routing algorithm: each node keeps some location information from their direct neighbors and transmits its request 

to the most appropriate neighbor. GAF (Geographic Adaptive Fidelity) is an example in this category. 

3. 3. Hierarchical routing algorithm: clustering nodes reduces power consumption.  LEACH is one of the most widely used algorithms 

in this category. 

4. 4.Routing algorithm based on QoS assurances: These algorithms use different methods for routing optimization based on different 

QoS requirements reliability, bandwidth, and etc. 

The challenges in the adaptive routing technique involves increased traffic in one area of the network and low traffic in another, causing 

the energy in some areas of the network to rapidly deplete, killing all the sensors in those areas and causing the crucial components of 

the network to fail. As a result, the routing algorithm needs to be created with equal traffic distribution throughout the network and 

sensor energy usage in mind[15]. 

VIII. Conclusion 

The deployment of wireless sensor networks in disaster management has proven to be an effective tool in mitigating the impact of 

natural disasters. The integration of data fusion, machine learning algorithms, and adaptive routing algorithms has significantly 

enhanced the capabilities of WSNs in disaster management. Data fusion has improved the accuracy of data collected by WSNs, while 

machine learning algorithms have enabled WSNs to learn from past experiences and make informed decisions. Adaptive routing 

algorithms have ensured that data is transmitted efficiently and reliably, even in challenging environments. Overall, the use of WSNs 

in disaster management has the potential to save lives, reduce property damage, and improve the response to natural disasters.  
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